SL e G, A=W\ il dilao Jhikad) ibaig alasls Gumield Neuroshell Predictor g b ik e Sl PALESS) bt |
AP \gs G\ Eas-\

\

whidd | dailae (& Juia¥| Gilwig ol ki ueiiald Neuroshell Predictor gw ki

e 0 ¥ | il | S| 10 | it

RS 3100 (i | ad ball okl gibes by dud bl
ol kel i G i b ol kel i G i b
il |

Lala Dysdai (puSas llg e llaial) oS3 iV lae bl (e Gpe il Gyl CASUE) s
A5 )lie il (e Aliaile SISy Lglahadind el bl Gl yodis was. gpdall el ddyyla b
Ajae sl 3 Hie 38,0 Gpe il dgnanl) Sl aladinly ashi Cagas s g5aY) 3kl
4 Neuroshell  Predictor gl aladialy () 2pgailly adll oladVl) ddlasyl Gkl
Ly Ll Sy saall RS8N

3lSlae 8 dyelilaall Ayl SN 2 3gail aladin) Ll L) Caaill DA G pas LS
cllenll Ergay sl (g Ao 310185 )

Abstract:

Artificial neural networks is one of the most important areas of artificial
intelligence, which reflects an important development in the way of human
thinking. However the evolution of those methods have evolved scored, as well
as their use of the results compared to other methods.

Here We will use artificial neural networks as a way to predict the optimal
statistical comparison means (linear trend and boot exponential) and the use of
Neuroshell Predictor program in neural network and data entry and weights
training.

As it will be through research to prove the use of optimization model of
artificial neural networks in the simulation actually important as a tool of
operations research tools.
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